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But..
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But..

Perin G., Buhan I.R., Picek S., Learning when to stop:a mutual information approach to fight overfitting in profiled side-channel analysis a mutual information approach to fight overfitting in

profiled side-channel analysis (Submitted to CHES 2020);
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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How a network learns
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Leakage characterisation using deep networks
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Leakage characterisation using deep networks
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Message to my younger self

never stop being the your best version

never stop believing In yourself

help Jane with security evaluations
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